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The more the merrier?
The more the scarier.

The risk of a fatal crash goes up in direct
relation to the number of teens in the car.




Adolescent Brains — Tuned for Risky Behavior

Imbalance / Reward
Sensitivity

A. Dual Systems Model
(Steinberg, 2008)

B. Maturational Imbalance Model
(Casey et al., 2008)

* Risky choices are more
attractive because of

higher potential gain.
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Shulman et al., 2016




Adolescent Brains — Tuned for Social Information

Adolescence as a sensitive
period for
sociocultural processing

* Social Information/status
has high weight during
adolescence compared to
other developmental
periods

Yes No

Drive really fast?

Blakemore & Mills, 2014



Need for Specificity: Mechanisms of Social
Influence in Risk Taking
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Specifying the Hypothesis:

e 1) Formulate model of solo choice behaviour

e FU = p * Va <—Reward Sensitivity Parameter
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* 2) Formulate social model that helps to
dissect Hypothesis about Risk Taking
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Reward Sensitivity?
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Arousal and Distraction?
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Social Utility

Safe nudge
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Model Quality

 Build Hierarchical Bayesian Versions of the Models
e Simulate Data under the Different Models
* Fit Models Back to Simulated Data

 Judge Correlations between Parameter Estimates and those used
for Simulation

* Compare Model fits in Confusion Matrix
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Subject Parameters
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Parameter Recovery Reward Sensitivity Model Parameter Recovery Noise Model
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Simulation Results — Parameter Recovery
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Simulation Results — Model Recovery
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